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€19 Forskningsradet

SEMES - Smart Emergency Medical Services for Cerebral Stroke

* Forprosjekt finansiert av Forskningsradet (HELSEVEL)
* Partnere: RAKOS ved SUS og SINTEF

* SEMES gnsker a bedre beslutningsstgtten for de akuttmedisinske tjenestene for
diagnostisering av akutt hjerneslag ved hjelp av smart teknologi.
Dette skal sikre den enkelte pasient riktig og rask behandling og et mer effektivt
og samfunnsgkonomisk pasientforlgp.
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Mer tilgjengelig
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Smart Prehospital — advancing public health & prehospital care services

* Prosjektforslag for hovedprosjekt til Forskningsradet HELSEVEL utlysning
e Partnere: RAKOS ved SUS, Sykehuset Innlandet, Telenor og SINTEF

* "Smart Prehospital” will develop the next generation of prehospital care services
based on advanced physiological sensors, artificial intelligence, and sophisticated
visualisation of data to assess, rapidly triage, and treat patients in need of acute
care, e.g. after ischemic stroke, sudden cardiac arrest, or myocardial infarction.”
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Smart Prehospital

e Objective

* Develop a new public health service at prehospital level that will connect distant public health
workers and facilitate the assessment, rapid triage, and treatment of patients in need of acute
care, through the use of smart sensors, Al, and adaptive Ul.

* Technologies
* high-quality, resilient telecommunications
* |atest generation physiological sensors
« artificial intelligence (Al)

* multimodal, adaptive user interfaces (Ul)
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Fysiologiske sensorer og datakvalitet

* Massemarked — f.eks. Apple Watch FDA "cleared" for EKG og
"Irregular Rhythm Notification”, men:
* "not intended to be used by people under the age of 22"

* "not intended for use in individuals previously diagnosed with Afib"

* Nye akuttmedisinske lgsninger — f.eks. Cerebrotech Visor

. . . >
* The technology passes low-power electromagnetic waves through the brain, detecting Sarabrotach

Visor™
small changes and asymmetries in its electrical properties to aid neurologic assessment in
about 30 seconds.

e "FDA clearance", men "The company is continuing its clinical studies to further validate the
device for identifying specific brain pathologies including stroke, trauma, swelling and
others."

SINTEF



Hva ma en tenkte pa?

e Datakvalitet
* Hvilke beregninger gjgres og hvilke fallgruver har de?

* Hvor presenteres resultene?

SINTEF
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Datakvalitet

* Lavest mulig st@y pa signal, ofte problemer med bevegelsesstgy hvis
testpersonen er i bevegelse.

* Hgy opplgsning (hgy malerate), gir mye data, kan veere vanskelig a
overfgre og lagre, men gir bedre kvalitet

e Punktmalinger mot kontinuerlig maling (f.eks. for blodtrykk)

* Metadata/kontekstdata kan veere viktig: pasient id, type maling,
tidspunkt, situasjon

 Krav til kvalitet er avhengig av bruk, f.eks. a male hjerteratevariasjon
krever bedre datakvalitet enn @ male puls
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Hvordan behandles dataene?

Machine Learning Algorithms Cheat Sheet

Unsupervised Learning: Clustering

-means k-modes

Prefer Categorical
Probability Variables

Need to
Specify k

Data Is
Too Large Explainable

Hierarchical

Speed or
Accuracy

Unsupervised Learning: Dimension Reduction

START

Dimension Topic "
Reduction Modeling Probabilistic
L ——

Have
Reponses

Supervised Learning: Regression

Predicting '™ Speed or
Numeric Accuracy

ACCURACY
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Hvordan presenteres dataene?

Det ma presenteres helhetlig!

Dette krever gode innkjgper som ser
helheten for den som skal bidra med
stgtte og veiledning.
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Teknologi for et bedre samfunn



